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Abstract
This paper contributes to the discussions on AI initiatives applied to migration 
management by drawing attention to critical issues in the AI systems field. It suggests 
a research agenda to investigate how AI-generated insights inform policies and how 
ideologies are reflected into policies and shape AI deployments. Specifically, this 
paper leverages the data justice and algorithmic accountability debates to examine 
two application of AI systems. The first, based on predictive AI, aims at supporting 
governments and humanitarian organisations in estimating timing, destination and size 
of refugee inflows. The second application refers to Natural Language Processing (NLP) 
and to the integration of voice and speech recognition within a broader repertoire of 
techniques to automate immigration systems. The paper finally suggests that to better 
harness the analytical power of AI, AI systems must be recognised as inherently political, 
in the sense that they enshrine a specific view of power and relations of subordination.
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Introduction
The recent surge of interest in Artificial Intelligence (AI) is seeping into policymaking. Generative AI, 
popularised by Large Language Models (LLM) such as ChatGPT or Google Gemini and aimed at 
generating content on the basis of users’ prompts, and Predictive AI, in which forecasts are produced by 
algorithms trained to recognise patterns and identify trajectories based on historical records, have spilled 
from data science laboratories into the public debate. National governments are rushing to produce AI 
strategies as part of their broader agendas focusing on digital transformation – or a radical improvement of 
a public or private entity’s performances ‘through combinations of information, computing, communication, 
and connectivity technologies’ (Vial 2019, p. 118) – and digital sovereignty – an increasingly politically 
relevant concept that posits a central role of the national state in the global governance of data and digital 
infrastructures (Pohle and Thiel 2020). Moreover, the legal and technological standards regulating the 
construction and management of AI and data infrastructures also reflect the infrastructural geopolitics of 
influential national, such as the US, China, and supranational bodies, such as the European Union (De 
Goede & Westermeier 2022; Liebig et al. 2022; Schiff et al. 2021). These AI strategies are then translated 
into policies to enable the implementation of AI systems in the public sector (Sun & Medaglia 2019; 
Desouza 2018).

Inspired by often politically motivated logics of efficacy and cost-efficiency (Henriksen & Blond 2023), 
these deployments entail organisational restructuring, new skills and expertise, and governance models. 
However, they also raise unprecedented issues. The translation of algorithms’ results into decisions, and 
the way public managers shape the design and implementation of AI systems, are fraught with loopholes 
and ambiguities (Filgueiras 2023). These ethical quandaries build on top of, and exacerbate, anxieties 
about privacy and function creep, in which data collected by welfare or healthcare organisations are then 
repurposed for security or commercial goals. The scholarly and policy debate on data justice (Taylor 2017; 
Masiero & Buddha 2021), which focuses on how data can help advance distributive justice by giving 
visibility to marginalised individuals communities while addressing dataveillance and data extraction 
(Taylor 2017), have increasingly incorporated concerns of ‘algorithmic accountability’, which refers 
to the assessment of a set of automated instructions (the algorithm indeed) ‘to discern and track bias, 
presuppositions, and prejudices built into, or resulting from algorithms’ (Wieringa 2020, p. 2)

Migration is a particularly problematic field of application of AI to policymaking. AI models enable 
civil servants to process rapidly large amounts of data, identify patterns and provide insights to support 
policymakers’ decisions. This approach, though, marks a shift from established evidence-based policymaking. 
Given the opacity of the datasets used to train the models and the computing procedures that yield the final 
outputs, scrutinising the source of the insights is particularly challenging. As this contribution suggests, 
the overall influence of AI in the epistemic infrastructure that informs migration policies, and its ethical 
implications, are not fully recognised by policymakers.

To be clear, AI does offer opportunities for gleaning granular knowledge about humanitarian crises and 
designing more suitable strategies to reduce human suffering and increase the responsiveness of aid actors. 
For the past years, for instance, the Danish Refugee Council (DRC), has used predictive AI to track and 
anticipate displacement patterns in areas hit by conflict or hydro-meteorological disasters (Nair et al. 2023). 
Moreover, humanitarian and advocacy organisations have started experimenting with AI-based initiatives 
to support migrants. As I shall explain below, Mozilla Foundation Common Voice program, for instance, 
is an open-access initiative based on the construction of African language datasets to address the issue of 
‘low-resourced’ languages, or languages which are underrepresented online or for which datasets to train AI 
models are limited or lacking. The ideal application of these LLM would be the development of chatbots 
to assist migrants looking for information on asylum procedures. However, currently most funding and 

Iazzolino

Cosmopolitan Civil Societies: An Interdisciplinary Journal,  Vol. 17, No. 1  202536



policy attention are devoted to the implementation of AI system to migrant management. This approach 
is imbued by ‘neophilia’, in which an ‘optimistic faith in the possibilities of technology’ is combined ‘with 
a commitment to the power of markets’ (Scott-Smith 2016, p. 2229). Facing tight budgets against a 
background of polycrisis – or ‘the entanglement of multiple types of shocks each amplifying the other’ 
(Hillmann et al. 2024, p, 4), policymakers view AI as a tool to streamline migration management and cut 
costs. In pursuit of greater efficiency, border agencies are increasingly using predictive AI, where historical 
records are used to train models aimed at producing forecasts and thus strengthening the preparedness of 
states and humanitarian actors, and LLM, to identify the place of origin of asylum seekers. Recent years 
have thus seen a proliferation of initiatives leveraging big data and data analytics to predict displacement 
trajectories and migration routes. Projects funded by policy entities at national and supranational level, 
and by philanthropic foundations, and often developed by academic institutions, tech firms and NGOs, 
have drawn attention to the potential of predictive AI to shape knowledge and decision-making around 
migration issues. Other initiatives, such voice recognition systems deployed in migrant screening processes, 
have highlighted not only the risk of embedding misconceptions and biases in these sorting systems, but 
also the growing influence of tech firms in border control and asylum processing.

This paper contributes to the discussions on technological innovations in migration management by 
drawing attention to critical issues in AI systems for migration management. In doing so, it leverages the 
data justice and algorithmic accountability debates to examine two application of AI systems.

The first, based on predictive AI, aims at supporting governments and humanitarian organisations 
in estimating timing, destination and size of refugee inflows. The case considered here is ITFlows, a 
project financially supported by the European Union and developed by a consortium of universities and 
a multidisciplinary research team (Suleimenova et al. 2017). Using an Agent-based modelling (ABM) 
approach, and training on data provided, among the others, by Oxfam and the Italian branch of the 
Red Cross, this system became operative in 2020. Since then, it has attracted scrutiny from investigative 
journalism organisations based on leaked reports from the project ethical board, warning of the risk that 
ITFLOWS ‘may pose several risks if misused for stigmatising, discriminating, harassing, or intimidating 
individuals, especially those that are in vulnerable situations such as migrants, refugees and asylum seekers’ 
(Xanthaki et al. 2021, p.171).

The second application of AI discussed in this paper refers to Natural Language Processing (NLP), 
the broader field to which LLM pertains, and to the integration of voice and speech recognition within 
a broader repertoire of techniques to automate immigration systems. The case examined here refers to 
attempts by the German Federal Office for Migration and Refugees (BAMF) to use speech analysis to help 
determine the country of origin for asylum seekers in the late 1990s and in 2017, using speech recognition 
techniques. The discussion will highlight the unreliability of the system because of very limited resources for 
language training datasets for machine learning and the use of datasets created and curated by humanitarian 
agencies.

In discussing these case studies, this contribution to the special issue of Cosmopolitan Civil Societies 
suggests a research agenda to investigate how AI-generated insights inform policies and how ideologies are 
reflected into policies and shape AI deployments.

The paper is structured as follows. The first part discusses the theoretical debates on AI and migration 
management, namely data justice and algorithmic accountability, stressing the growing significance of AI 
systems for producing evidence on which policies are based, and arguing that there is a mutual shaping 
of policies and AI deployments. It then delves into the cases of predictive models, such as ITFlows, for 
migrant flows; and speech recognition for asylum processing. It concludes by tracing a research agenda on 
AI and migration policies.
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AI Systems in Policymaking
Recent years have witnessed a proliferation of AI initiatives for migration management in the Global 
North, with applications ranging from the use of predictive models to anticipate the size and trajectory of 
migration flows to verification systems to speed up asylum processing (Menon et al. 2024).

The rationale behind these deployments is twofold: operational and political. Operationally, policymakers 
have emphasised the critical role of digital tools in addressing bureaucratic congestion (Andrews et al. 
2017) caused by understaffing and excessive workloads. Politically, the rise of nativist sentiment across the 
Global North is reshaping migration governance. This has led to a focus on the production of metrics to 
demonstrate the achievement of specific ‘targets’ related to migrant populations, which can then be used for 
electoral campaigns.

During the same time span, innovations in the field of AI – broadly referring to ‘machines that mimic 
human intelligence’ (IBM 2019) – have spread across multiple sectors, expanding processes of datafication, 
a concept encompassing ‘both the masses of digital traces left by people and technologies in online spaces 
and the proliferation of advanced tools for the integration, analysis, and visualization of data patterns’ 
(Flyverbom et al. 2019, p. 6; Mayer-Schönberger & Cukier 2013). Data justice has emerged as a critical 
framework for examining the societal implications of datafication, focusing on issues of equity, fairness, 
and power dynamics (Dencik et al. 2018; Heeks & Renken 2018). This literature identifies three main 
perspectives on data justice: instrumental, procedural, and distributive/rights-based (Heeks & Renken 
2018). However, other scholars have argued for a broader, more inclusive approach that considers structural 
factors and global contexts (Leslie et al. 2022; Heeks & Renken 2018). This discussion emphasises the need 
to address data injustices among vulnerable populations, the importance of sustainability and capability 
approaches, and the recognition of diverse historical and geographical perspectives on data justice practices 
(Heeks & Renken 2018; Leslie et al. 2022; Taylor 2017). Scholars embracing this perspective have argued 
for the integration of social justice principles with critiques of power imbalances in data-driven societies 
to provide both critical insights and constructive resources for transformative data justice practices (Leslie 
et al. 2022). However, the data justice framework reveals its limitations, due to the technology and political 
economy of AI, both of which have implications for the application of AI to migration management.

At the technical level, it is important to remember that the recent AI boom followed major 
breakthroughs in speech pattern recognition (Hinton et al. 2012) and image recognition (Krizhevsky 
et al. 2012; Lee 2018), which led to the dominance of the neural network approach. As explained by 
Lee, ‘[i]nstead of trying to teach the computer the rules that had been mastered by a human brain, these 
practitioners tried to reconstruct the human brain itself ’ (2018, p. 23). Also known as ‘narrow AI’, the 
neural networks approach ‘takes data from one specific domain and applies it to optimizing one specific 
outcome’ and is mostly used in fields like insurance and making loans to ‘make specific predictions […] 
based on quantifying probability’ (Pasquale 2021, p. 55). This is why ‘[d]ata scientists sometimes joke that 
(narrow) AI is simply a better-marketed form of statistics’ (Pasquale 2021, p. 1922). The development of 
Machine Learning (ML), a new generation of algorithms built from data, and advancements in a specific 
subfield of machine learning, deep learning, boosted AI performances (Strusani & Houngbonon 2019). 
Neural networks took advantage of the rapid increase in computing power and data availability. As Lee 
explains, ‘the data “trains” the program to recognize patterns by giving it many examples, and the computing 
power lets the program parse those examples at high speeds’ (2018, p. 27). Algorithms, broadly defined as 
a ‘systematic method composed of different steps’ ( Jaton 2021), started ‘engaging experimentally with the 
world’ to learn ‘by inductively generating outputs that are contingent on their input data’ (Amoore 2020, 
p. 12).

Data scientists anticipated that the surge in datasets, sourced from various points like the internet, 
smartphones, and home devices, coupled with affordable computing power, would facilitate increasingly 
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effective training of neural networks (Amoore 2020, p. 12). However, critical media and data scholars 
pointed out that these dynamics of data extraction mirror colonial patterns of dispossession and exploitation. 
Couldry and Mejias, among others, describe data colonialism as ‘an emerging order for the appropriation of 
human life so that data can be continuously extracted from it for profit […] Through data relations, human 
life is not only annexed to capitalism but also becomes subject to continuous monitoring and surveillance’ 
(2019, p. xiii). Data extractive infrastructures lay the foundation for AI systems by providing the algorithmic 
fodder that enables data scientists to train predictive models.

Access to large datasets, computing power, and regulatory influence is crucial for advancing AI systems. 
As a result, dominant private tech actors—commonly referred to as Big Tech—wield ‘significant influence 
over both the direction of AI development and the academic institutions wishing to research it’ (Whittaker 
2021, p. 51). This underscores why, while much emphasis is placed on the technology itself, understanding 
the political economy of AI is essential for anticipating its limitations and criticalities.

Leveraging their financial resources, tech giants are shaping the trajectory of AI research (Ahmed 
et al. 2023), its geopolitical implications (Kak & Myers West 2023), and its ethics agenda (Gerdes 2023) 
to advance their core business of creating ‘prediction products’ (Zuboff 2019, p. 129). They also work to 
integrate themselves into national policy spaces to further their interests. The ‘corporate socio-technical 
imaginary’ (Hockenhull & Cohn 2021; see also Jasanoff & Kim 2009), infused with quasi-magical notions 
(Giuliano 2020) and bolstered by substantial investments and lobbying efforts, significantly influences policy 
discourses, particularly through the diffusion of automated decision-making systems. In particular, the 
corporate actors shaping and advancing this imaginary have been able to produce evidence for policymaking 
to an extent that academics have only partially been able to achieve.

In response to the growing the risk of epistemic displacement (Pozzi & Durán 2024), in which the 
knowledge generated by AI systems marginalises the voices of the experts or the individuals affected 
by these deployments, an interdisciplinary conversation has emerged around the concept of algorithmic 
accountability. This discourse emphasises the need to make algorithmic outcomes explainable, identify the 
datasets used for training, and assign responsibility (Criado & Guevara-Gómez 2024; Hunt & McKelvey 
2019; Wieringa 2020). Scholarly and activist debates on algorithmic accountability have highlighted both 
the technical complexities of achieving these goals and the ways these complexities obscure and perpetuate 
asymmetric power relations among the actors involved in these systems. This is relevant for policy as it 
addresses the negative impacts of AI and multi-stakeholder collaboration, public regulation and citizen 
participation (Criado & Guevara-Gómez 2024). Some scholars argue that algorithmic accountability should 
be grounded in democratic ideals of public reason, where decision-makers have to justify their decisions in 
terms of broader principles that all can agree on (Binns 2017). This approach aims to clarify the purpose of 
algorithmic accountability and measure progress towards it. Algorithmic accountability in AI for migration 
management is a growing issue as governments are increasingly using automated decision-making tools 
for identity checks, border security and visa application analysis (Beduschi 2020), but the opacity of AI 
algorithms makes it hard to establish clear accountability frameworks (Forti 2021). Concerns include 
migrants being portrayed as security threats during algorithm design and testing and lack of migrant and 
researcher involvement in data usage decisions (Bircan & Korkmaz 2021).

With reference to the case studies considered here, the data justice and algorithmic accountability 
literature highlight two main implications of the opacity of AI systems.

The first refers to function creep, ‘whereby techniques that were initially adopted for specific uses and 
purposes have been gradually spreading into much wider spheres and practices of governance’ (Ajana 2013, 
p.576). This concern has been raised by civil society organisations with regard to cases where sensitive 
information on people affected by humanitarian crises could be used for security or policing purposes. 
An often-mentioned case is the partnership between the United Nations (UN) World Food Programme 
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(WFP) and Palantir, an American data analytics firm (WFP 2019a) with strong ties to the US intelligence 
community (Easterday 2019).

The second implication is what Thylstrup et al. (2022) call ‘entanglement’ between problematic 
data for machine learning and prediction. Their argument challenges the possibility of drawing a clear 
boundary between ‘data and algorithms and ‘good’ and ‘bad’ in machine learning regimes’ (2022, p. 5) by 
emphasising that parameters of machine learning models bear the legacy of previous iterations with other 
training datasets. This entails that, for both the predictive and generative AI systems applied to migration 
management that I will discuss in the next section, there is a risk of reproducing bias through datasets 
previously used to improve the model.

PREDICTIVE ANALYSIS FOR MIGRATION FLOWS

The first case analysed here involves the EU-funded ITFLOWS project, launched in 2020 with a €5 million 
budget to develop EUMigraTool (EMT), a predictive tool intended to assist EU authorities in managing 
migration flows. EMT uses agent-based modelling along with data from news media, social media, and 
conflict databases to simulate migration patterns, forecast migration trends, analyse public sentiment, and 
identify potential sources of tension between migrants and local communities across EU countries.

However, EMT’s development has raised concerns among civil society groups and researchers over its 
potential for misuse. Critics argue that EMT could be repurposed as a tool for surveillance and control, 
potentially discriminating against migrants instead of supporting them. According to an investigative report 
by Disclose (Campbell & D’Agostino 2022), internal memos from ITFLOWS’ ethical board highlight the 
risk of EMT being used for profiling, which could lead to the stigmatisation or targeting of migrants based 
on factors such as ethnicity or immigration status. The board also cautioned that EU states might misuse 
EMT data to segregate migrant communities or create restrictive conditions based on religious, sexual, or 
national backgrounds.

To develop EMT, ITFLOWS partnered with NGOs such as Oxfam and the Red Cross, which provided 
interview data from migrants coming from countries including Nigeria, Mali, Eritrea, and Sudan. For 
example, Oxfam and the Italian Red Cross conducted interviews with migrants arriving in Italy to inform 
authorities about migration routes and motivations. While this data aimed to support policy in high-
traffic migration areas, the ITFLOWS ethical board worried that it might instead reinforce discriminatory 
practices. Information about migrants’ cultural or ethnic backgrounds could be used to justify restrictive 
policies or fuel anti-immigration sentiment, potentially leading to division in regions with significant 
migrant populations.

A major ethical concern surrounding ITFLOWS is its potential connection with Frontex, the EU’s 
border agency, which has faced criticism for alleged illegal pushbacks. Internal reports reveal that Frontex 
closely monitored ITFLOWS and even supplied data for the project. This association alarmed ITFLOWS’ 
ethical board, as they feared EMT’s predictive analytics could enable Frontex to enforce stricter border 
controls and harsher measures against migrants.

Despite attempts to mitigate these ethical risks, efforts within ITFLOWS appear to have encountered 
challenges. In 2021, the ITFLOWS ethical board expressed disappointment, noting that recommendations 
to safeguard migrant rights were largely overlooked, with technical goals seemingly prioritised over human 
rights. Concerns were also raised about the project’s commitment to ethical transparency and responsible 
data use.

Oxfam and the Italian Red Cross have voiced confidence in ITFLOWS, downplaying fears of potential 
misuse. In response to Disclose, they emphasised their limited role in providing data and maintaining 
neutrality. However, critics remain concerned about the ethical implications of EMT, particularly the 
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risk that it could shift EU migration policy toward control and restriction, rather than compassion and 
integration.

NLP FOR ASYLUM PROCESSING

The second case study involves pilot projects led by Germany’s Federal Office for Migration and Refugees 
(BAMF), which aim to use Natural Language Processing (NLP) and voice recognition technologies to 
improve the efficiency of asylum processing. Since 2017, BAMF has employed a name transliteration tool to 
convert names in non-Latin alphabets, like Arabic, into standardised Latin characters. This tool, developed 
with tech firms SVA and IBM, helps create consistent records across European databases by minimising 
variations in name spelling, which can often arise due to different phonetic transliteration practices used in 
each country (Memon et al. 2022). Without standardisation, individuals may end up with multiple versions 
of their name in various databases, complicating case tracking and potentially leading to errors.

The transliteration tool is particularly useful for asylum seekers without official documentation. During 
the registration process, the applicant’s name is entered in its original script by the individual or an 
interpreter, and the tool then converts it into Latin characters through phonetic analysis. Drawing on a 
comprehensive global database of names, the tool accounts for regional differences in spelling to ensure 
greater accuracy. Initially developed for Arabic names, the tool may eventually be expanded to handle 
languages like Persian, Russian, and Georgian, supporting more consistent data management across 
European migration systems.

In addition to standardizing names, BAMF leverages this technology to support country-of-origin 
identification, suggesting that specific name spellings might provide clues about an individual’s regional 
background. For example, a particular name may be more prevalent in Libya than Syria, which can assist in 
plausibility checks for applicants claiming to come from conflict-affected regions like Syria, where asylum 
prospects are generally more favourable.

Complementing the transliteration system, BAMF also uses automated dialect recognition to help verify 
an asylum seeker’s origin. Initially a manual process, this tool has been automated to use voice recognition 
technology that identifies speech patterns indicative of specific dialects. Differences in pronunciation, 
vocabulary, and rhythm often reflect particular regions, especially within diverse languages like Arabic, 
which vary significantly across the Middle East and North Africa. This feature allows the software to 
suggest probable origins based on regional speech characteristics.

Voice recognition technology in these pilot projects relies on creating a ‘voiceprint’—a unique biometric 
signature capturing features like pitch, tone, and rhythm that reflect individual vocal tract characteristics. 
These voiceprints not only support origin verification but can also help identify repeat applicants attempting 
to re-enter the asylum process under new identities. Additionally, the biometrics can reveal biological 
details, such as gender and approximate age range, adding layers of information for evaluating cases more 
comprehensively.

However, the use of NLP and voice technology in migration management raises ethical concerns. 
Resonating concerns raised with respect to the use of remote-sensing and UAV technologies by border 
agencies (McLeman 2019), critics argue that these tools risk crossing into surveillance territory, blurring 
the line between humanitarian support and intelligence gathering. As in the case of ITFlows, also for 
the application of NLP to migrant screening processes, human rights advocates warn that while such 
technologies may streamline processes, there is a concern that these technologies could eventually be used 
to profile individuals based on ethnicity or socio-political status, violating privacy rights and exacerbating 
discrimination. Moreover, the limited availability of datasets for ML hinder the precision of the voice 
recognition system, leading to high number of false negatives, in which asylum seekers’ applications are 
rejected because some languages are not recognised or the model embeds the assumption that the applicant 
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would use specific terms if originating from a given locality (ignoring for instance the complex dynamics 
shaping refugees’ and migrants’ journeys and experiences).

Moreover, the line between public purpose and commercial use of language datasets is increasingly 
blurred. The global voice recognition market is rapidly expanding, projected to grow from USD 12.62 billion 
in 2023 to USD 59.62 billion by 2030, and refugee processing is increasingly integrated into this growth. 
Moreover, there are expectations that voice recognition could be used for supporting the sustainability 
agenda. For instance, the Common Voice project by Mozilla Foundation, a large-scale, crowdsourced 
multilingual dataset for Automatic Speech Recognition (ASR), and Deutsche Gesellschaft für Internationale 
Zusammenarbeit (GIZ), Germany’s development agency, provides a model for developing more open and 
ethically sourced data for voice technology. Unlike proprietary systems, such open-source projects invite 
public scrutiny, fostering more transparent and ethical AI development.

While tools like BAMF’s transliteration and dialect recognition software are part of this trend, they 
highlight both the promise and peril of NLP and voice recognition in asylum processing and raise complex 
questions about transparency and accountability in AI applications. While they can streamline operations 
and improve consistency, the risks of misuse underscore the need for rigorous ethical frameworks and 
safeguards. To address these concerns, there is a call for explainable AI that clearly outlines the logic behind 
its outputs, especially in sensitive areas like asylum processing where decisions can drastically impact lives.

Conclusions and Further Research
The integration of AI into migration policy and management highlights complex ethical, operational, and 
accountability challenges that have only begun to be addressed by current scholarship. My paper underscores 
the need for deeper examination of the ways in which AI systems, particularly predictive and generative 
AI, affect migration policy development and implementation. While AI presents possibilities for efficiency 
gains and enhanced decision-making capabilities, it simultaneously raises critical questions about privacy, 
potential biases, and accountability, especially within ethically charged domains like migration. In fact, AI 
deployments, particularly in the fields of LLM and NLP, may also serve the interests of marginalised groups 
to facilitate their access to information. For instance, Mozilla Foundation, a not-for-profit organisation 
financed, among others, by Google, and in partnership by GIZ, the German development agency, has 
rolled out a crowdsourced initiative, Common Voices, aimed at creating an open-source dataset of diverse 
voice recordings. The project was designed to improve speech recognition systems by providing developers, 
researchers, and organisations with freely available voice data that reflects the diversity of global languages 
and accents. The overall aim of Common Voice was to democratise access to high-quality speech data, 
encouraging inclusivity and fairness in AI and machine learning technologies. Common Voices focused 
specifically on under-represented African languages and one of the applications of this initiative was the 
project Mbaza (‘ask me’ in Kinyarwanda), a chatbot developed by a Rwandan tech firm, Digital Umuganda, 
to provide information on the COVID-19 pandemic in vernacular language. Similar initiatives are currently 
rolled out in other African languages, highlighting the potential of AI to address epistemic injustice by 
creating and curating datasets of low-resourced languages.

However, to better harness the analytical power of AI, AI systems must be recognised as inherently 
political, in the sense that they enshrine a specific view of power and relations of subordination. The 
power relationships underpinning AI systems are particularly evident in the way humanitarian crises and 
displacement are often turned into ‘living labs’ in which to test predictive or generative models. Thus, 
Amoore’s (2020) argument that algorithms have found their way of learning by engaging with the world can 
be adapted here to suggest that the world AI-systems are targeting is the one of what Michel Agier (2011) 
calls ‘the undesirables’.
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Future research, grounded in the frameworks of data justice and algorithmic accountability, can offer 
valuable insights to avoid making AI just another tool to manage the undesirables and, instead, help create 
ethical, transparent, and just AI applications to address the ethical and operational gaps identified in the 
implementation of AI in migration policy. These recommendations should be viewed as part of a broader 
effort to bridge academic research—particularly qualitative studies—with policymaking. This involves 
fostering stronger partnerships with civil society actors and governments to co-produce knowledge that is 
both relevant and actionable for policy development (Hillman et al. 2024).

First, more empirical research is required to understand how policymakers and public agencies interpret 
and deploy AI-generated insights in real-world decision-making. Since AI models can introduce biases or 
reinforce stereotypes—especially in migration management where ethical stakes are high—it is crucial to 
systematically assess how AI-driven insights affect policy decisions and whether these decisions align with 
principles of data justice and algorithmic accountability.

Second, there is a need for longitudinal studies examining the socio-political impacts of AI systems in 
migration. Since AI policy tools evolve over time, research should investigate their long-term consequences 
on migrant communities and broader society, particularly regarding how predictive systems may shape 
public perceptions of migration and influence policy rhetoric. For example, as projects like ITFlows gain 
prominence, examining the potential consequences of its use on public opinion and border policy may reveal 
both intended and unintended impacts on migrant rights and state practices.

Furthermore, future research could explore the role of public-private partnerships and the growing 
involvement of tech firms in migration management. Tech companies play a defining role in developing 
and supplying AI solutions, yet their influence on border control practices and asylum processes has largely 
remained outside public scrutiny. This area of inquiry is essential for understanding power dynamics 
between private and public sectors in migration management, particularly when tech solutions may embed 
commercial motivations or proprietary interests that conflict with human rights.

Lastly, to advance transparency and accountability, scholars should advocate for and contribute to 
developing rigorous ethical and operational standards for AI in migration policy. Collaborative frameworks 
among policymakers, academic researchers, civil society organisations, and technology developers could help 
design AI systems that prioritise fairness, transparency, and accountability, creating ethical guardrails for AI 
use in migration. In particular, research should support the establishment of monitoring mechanisms, such 
as ethical review boards or third-party audits, to oversee AI deployments in migration management and 
mitigate the risks of discrimination, function creep, and data misuse.
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