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Abstract

The present research work aimed to examine the vital factors that affect the solvency of
the Indian construction sector. The two different parameters of solvency, namely, debt to
total assets (DTA) and cash flow to total liabilities (CFTL), were used in the present study.
These two solvency indicators were categorized using zero and one numerical values. One
indicates financially sound companies, and zero indicates weak companies with poor
solvency ratios. The different financial ratios, namely, profitability, liquidity, leverages,
and turnovers, were used as predictors or explanatory variables of insolvency of Indian
construction companies. The study employs multivariate discriminant analysis (MDA} and
binary logistic regression to predict the factors accountable for the insolvency of the
Indian construction sector. The empirical findings of MDA and logistic regression show
significant discrimination in the solvency position of construction companies according to
their different financial performance parameters, namely, profitability, liquidity, and
leverage. The empirical findings suggest that in the first case, the critical indicators
predicting solvency are turnover, liquidity, and leverage ratios. In the second measure of
solvency (CFTL), profitability significantly discriminates solvency of companies. Overall,
the findings
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of MDA and logistic regression are consistent with each other. The outcomes of the study will be helpful
to policymakers’ different stakeholders.
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Introduction

'The construction industry in India has become the second-largest employer and foreign direct investment
(FDI) recipient in 2020-2021 and the third-largest market globally. India’s construction industry attracted
nearly 5 billion USD of investment in 2020, leading to predicted average growth of 7% every year until 2025

(Rani, 2021). The sector that contributes directly to the country’s overall development is the construction

sector. According to Statista Research Department, in July 2020, the Indian construction industry was
worth over 1.3 trillion Indian rupees (Statista, 2024).

'The nature of the construction sector is a project-based industry under which different parties like

contractors, clients, and consultants have to work collectively to complete a project. The failure or success

of the construction sector notably affects the other sectors associated with them. The construction sector’s
performance can affect the national budget, so there is a need to develop proficient planning in executing
the projects. Hence, the project manager should look for efficient tools and techniques. In India, real estate
is forecast to stretch out to 650 billion USD, exhibiting 13% of India’s gross domestic product (GDP) by
2025.'The government of India has allowed FDI of 100% for townships and settlements. India’s real estate
attracted over 6.06 billion USD in investment in India. The role of the construction sector is significant in
the Indian economy. From the financial year 2010 to the financial year 2015, the growth rate of this sector
was up at 2.95%, and the growth rate of the construction sector across India was evaluated to be 5.65% from

the financial year 2015 to 2022 (Statista, 2024).

However, after the global financial crisis, the Asian financial crisis in 2014, the introduction of
demonetization and Goods and Services Tax in 2017, and the coronavirus disease 2019 (COVID-19)
pandemic in 2020 have been worrying for the Indian economy. Subsequently, India’s GDP has declined to
10.29% from 8.0%.

Therefore, there is an urgent requirement that the government and related stakeholders examine the
critical factors that influence the financial state of Indian construction companies. There is a need to

conduct a detailed analysis of the essential factors affecting the solvency of the Indian construction industry.

Muresan and Wolitzer (2004) described financial ratio analysis as being helpful over the years to give a
holistic stance of a company’s financial position at any point or period.

Financial ratios are significant numerical values extracted from accounting statements to obtain relevant
information about a company. Traditionally, financial ratios are categorized mainly into current, solvency,
profitability, and activity ratios (Paramasivan and Subramanian, 2008).

To check whether a company has sufficient cash flow or not to manage its debt liabilities that are due,
solvency ratios play a significant role. Another name for the solvency ratio is the leverage ratio. A company
with a low solvency ratio signifies more risk of fulfilling its debt obligation and vice versa. In the presence
of a large number of companies in a particular sector, it is impractical to examine all the ratios every time to
determine an industry’s financial state. Moreover, no one ratio describes the complete information about the
company, whereas the random combination of ratios may lead to redundancy in the report. Thus, there is a
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need to find out the significant ratios of the Indian construction companies and consequently discover the
critical factors that influence the financial health of the Indian construction companies.

Literature review

Financial ratio analysis is one of the most important and common ways to examine the economic progress
and growth of companies in the construction industry in different countries (Kim and Zhang 2014).
Balatbat, Siew, and Carmichael (2020), and Rajala, et al. (2022) all included financial ratios in their research.
Each researcher can apply specific financial ratios and factors that signify the research objectives they aim

to achieve for a certain number of years. Profitability and liquidity ratios such as the net profit margin and
current ratio are used in various studies (Wang and Lee, 2008; Niemann, Schmidt, and Neukirchen, 2008;
Sansusi, et al., 2017).

Mover (1990) explained financial ratios for three purposes. The first is to measure the firm’s feasibility

and identify the weaknesses and strengths of the firm. Second, in planning to achieve the company’s goals,

financial ratios play an essential role, and third is to ensure the company objectives are well suited to its
resources. With the help of financial ratios, a market analyst can compare a firm’s financial condition
with that of other firms over time. Vibhakar, et al. (2023) also investigated that financial ratios compare a

company’s financial performance over time with itself and with that of other firms within the same industry.

Pamulu, Kajewski and Betts (2007) examined the financial ratios of Indonesian firms in the construction

sector. The results reveal that Indonesian companies are financially sound, whereas profits and returns
produced from construction works are quite satisfactory. Suber (2011) analyzed the financial health of
Malaysian construction firms with the help of financial ratio analysis to examine the performance and
compare the company’s performance with that of other companies and industries; the research found that a
weak liquidity ratio, cash, and capital would be inadequate to finance construction projects. It is a vital sign

that companies are undercapitalized and can face financial problems in the future.

The most common criteria employed to determine the financial performance of construction firms are
return on investment, turnover, profit, etc. A construction project is deemed successtul if it is done within

specifications and without cost overruns (Tripathi and Jha, 2018; Dong, et al., 2022). However, construction

firms having an excellent track record of successful projects do not always guarantee the success of the
construction organization. Despite its projects’ success, construction organizations can even fail or become
insolvent due to the high risk in the business (Jha, 2015). Success can be expressed as the point at which the
expectations and objectives of a company are fulfilled. In contrast, the failure of a company is caused by its
inefficacy to complete its commitment when it is due (Arslan and Kivrak, 2008).

De Franco, Kothari and Verdi (2011) investigated to recognize the critical financial points. The results

show factor analysis on 44 financial ratios to reduce them to 25 important variables, categorized into eight

sets for the Indian cement industry. They analyzed eight significant factors: short-term liquidity, return on
investment and profitability, long-term solvency, cash position, asset and material management, dividend
policy, capital structure, and working capital productivity. They applied multiple regression analysis between
the factor scores and constituent variables to exclude the statistically insignificant variables.

Javalagi and Bhushi (2007) also analyzed the financial performance of the Indian industry by
implementing factor analysis to recognize the six financial factors, i.e., cash to current liabilities, working

capital, retained profits, financial leverage, inventory, and profitability. Chan and Au (2009) examined the

financial health of different parties or contractors during the Asian economic turbulence. They tried to
assess and monitor financial well-being by applying the accounting ratios with the help of Altman’s distress
models. Tsolas (2011) investigated the achievement of construction companies registered in the Athens
Exchange, evaluated the financial soundness in terms of effectiveness and profitability, and outlined a new

structure that united ratio analysis and data envelopment analysis (DEA).
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Chen (2011) analyzed macroeconomic and financial points to predict sales of construction companies. In
contrast, Kehinde and Mosaku (2006) used ratio analysis to analyze medium-sized construction companies’
assets in Nigeria. Niemann, Schmidt and Neukirchen (2008) applied financial ratios for rating prediction

models for multinational corporations.

Horta, et al. (2013) came up with a quantitative approach to examine construction firms’ financial

strength and discover the factors that promote innovation and performance improvements using data
envelopment analysis and regression analysis. Ramalho and da Silva (2013) analyzed the fraction regression
model, features of Tobit models, and econometric assumptions to give a conceptual basis for their

application in the regression study of various leverage ratios.

Investors use the solvency ratios and liquidity ratios as tools to make their investment decisions. Solvency
ratios assess the firm’s ability to meet its financial obligation when it is outstanding. Most empirical studies
evidence the relationship between liquidity, activity, profitability, and leverage with the solvency of a firm.

'The following literature provides a deeper insight into the relationship of all the variables that impact the

solvency of a firm.

RELATIONSHIP WITH PROFITABILITY

Good performance and financial position are needed for business entities to operate in the future (Jeon,

Amekudzi, and Guensler, 2010). Profitability and solvency are often exercised as a benchmark to measure

financial position and performance (Kiyosaki and Lechter, 2003). Profitability analysis is an essential
instrument for decision-making and management planning, as it generates value for the firm (Penman,
2007). Vieria (2011) stated that the evaluation of profitability is generally done with the help of return
on equity and return on assets. Khalid and Rehman (2014) examined a negative relationship between
profitability inconsistency and solvency. Less profitable firms delay the payment of routine expenses of

the company. A study conducted in Ghana by Addae, Nyarko-Bassi, and Hughes (2013) stated a positive
relationship between short-term debt and profitability compared to long-term debts.

Moreover, a positive relationship occurs between the solvency levels per the pecking order theory. A
profitable firm can survive in any adverse situation and use its retained earnings well (Arvanitis, et al., 2012).
Bordeleau and Graham (2010) stated that at some point over, liquidity had reduced the profitability level of

firms. Mohanty and Mehrotra (2018) stated a significant relationship between profitability and return on
assets (ROA) and not a statistically significant relationship between solvency and return on equity (ROE).

Solvency has no impact on profitability, but liquidity negatively impacts it (Dahivat, Weshah and Al-
Dahiyat, 2021).

H1:The different measures of profitability can distinguish between strong solvent and weak solvent Indian

construction companies.

RELATIONSHIP WITH LIQUIDITY

A company’s capacity to fulfill its short-term obligations and manage the cash requirements to operate the
business smoothly is measured through liquidity ratios (Hayes, 2019). The liquidity position is a measure to
analyze the company’s capacity to discharge its current liabilities with current assets. The company’s liquidity
position is considered better if higher (Loncan and Caldeira, 2014). Working capital management is

essential, as it directly affects its solvency (Singh and Pandey, 2008). The working capital directly influences
the solvency of a firm. Negative working capital leads a firm to bankruptcy (Panigrahi, 2014). The financial
structure is directly associated with high profitability, liquidity, and solvency. Here, financial structure is

implied by working capital management (Guimaraes and Nossa, 2010). Khalid and Rehman (2014) stated
that the higher the quick and current ratio is, the more the company can easily handle the cash troubles.
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Moorthi, et al. (2012) stated that liquidity plays an essential role in the existence of a business. It affects
solvency, i.e., the ability to survive in the long run. Silva (2019) stated that too much liquidity has a negative

implication on the solvency of a firm.

Research conducted in Saudi Arabia by Eljelly (2004) analyzed that profitability is assessed by the cash
conversion cycle and the current ratio and identified a link between profitability and the solvency of a firm.
Carslaw and Mills (1991) stated that cash flow is used to ascertain short-term financial stability. It is an
indicator used to measure a firm’s financial risk. Ben, Olubukunola and Uwuigbe (2013) and Ademola, et al.
(2020) examined the Nigerian Stock Exchange and stated that the current liquidity ratio is positively related
to profitability. It helps to ascertain the solvency position of a firm. A study on the Malaysian manufacturing

sector measured liquidity using the working capital and current ratio to total asset ratio. It states that a

positive relationship prevails between the profitability and liquidity of a firm (Zainudin, et al., 2017).

H2: Liquidity of selected companies can discriminate them into very healthy and unhealthy Indian construction

companies.

RELATIONSHIP WITH ACTIVITY RATIOS

Activity ratios are the performance measuring tools of a firm and express the organization’s operational
capabilities. A higher ratio means better utilization of the resources. Financial challenges have been a
significant worry since the financial crisis of 2008. Activity ratios help in evaluating financial efficiency and
performance. A study showed the direct relationship of activity and profitability ratios with the solvency of
the firms (Rawat, et al., 2022). The Serbian enterprise study uses cash flow investing margin and cash flow

operating margin as liquidity yardsticks. The cash flow operating margin shows a negative impact, and the
cash flow investing margin has a positive repercussion. The indicator used for the cash flow investing margin
is the cash invested in a firm’s fixed assets . Drobetz, et al. (2013) stated that organizations having a higher
ratio of fixed to total assets bear low financial distress. There is less chance of them suffering higher losses at
times of insolvency or bankruptcy. The turnover ratios analyze the enterprise’s sales ability; the higher the
turnover ratio, the higher the benefit for the firm (Xia, et al., 2023). The analysis of activity ratios helps to
improve operational efficiency (Zhu, et al., 2019).

H3: The different measures of activity ratios can distinguish between strong solvent and weak solvent Indian

construction fompanies.

RELATIONSHIP WITH LEVERAGE RATIOS

A company’s survival depends on its capital structure and not just its earning potential. Leverage ratios tell
the proportion of debt used in the firm’s capital structure. Pandey and Bhat (1990) and Bhat, Chanda and
Bhat (2023) examined the financial leverage of Indian manufacturing industries. They employed various

factors such as firm dividend payout ratio, income variability, size, and growth. Their studies deduced that

a firm’s size is not related to financial leverage. However, a firm is riskier in terms of solvency when it is
likely to employ more percentage of debt in comparison with financial leverage and earnings before interest
and tax (EBIT). Abey and Velumurugan (2019) stated that capital structure determines the company’s
survival in the future and long-term solvency. Their study used the variables of return on investment, size
of the company, and asset structure to determine the financial leverage of the Indian automobile industry.
Yeo (2016) stated that leverage is closely and directly related to solvency. A firm should only accelerate the
intake of debts when it is affirmative to get higher returns.

Moreover, the study identified that variables like profitability and size of the firm also influence the
leverage level. Durand (2019) stated that capital positively impacts financial stability in terms of solvency
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at a low level. However, when the capital increases, the solvency of a firm becomes weaker. The financial
leverage ratio helps to measure the financial performance of operations. It is of great value to investors,
creditors, and managers in the long run (Andrew, Damitio, and Schmidgall, 2007). The turnover ratios give
a comprehensive approach to analyzing the solvency position of the firms (Kajananthan and Velnampy,
2014). A study on manufacturing companies in Nigeria showed that solvency in terms of credit policies,

cash conversion, and earnings plays an essential role in corporate profitability (Owolabi and Obida, 2012).
In their study, Graham and Leary (2011) stated that firms with lower bond ratings and more debt are

more prone to insolvency and financial distress. Bonaccorsi di Patti, et al. (2015) stated the two-fold impact
of leverage on firms. First, firms default during economic contractions. Second, leverage increases the
sensitivity of the firm.

HA4: Leverage ratios of selected companies can separate them into very healthy and unhealthy Indian construction

companies.

Research design or research methods

'This study was carried out by procuring the different explanatory and dependent variables from Prowess, the
Centre for Monitoring Indian Economy (CMIE). The study period was from the last 10 years, from 2011 to
2020. The two different solvency parameters used in the study were cash profit after tax to total liabilities

and debt to total assets of Indian construction sector companies.

There cannot be a single reason for insolvency; by keeping this in mind, the study included the different
financial ratios as explanatory variables. These ratios deal with profitability, short- and long-term financial

position, and managerial efficiency or activity ratios of the Indian construction companies.

At the initial stage, data on a total of 3,947 companies were procured. However, the companies that shut
down their business during the study period were excluded from the sample. Similarly, the companies whose
complete data set of the last 10 years of different explanatory and dependent variables were not available
were also dropped from the sample size. At last, a sample of 148 construction companies was taken. Data of
all the variables as mentioned earlier were collected for the time of 2011 to 2020. Multivariate discriminant
analysis (MDA) and binary logistic regression are used to predict the solvency of selected Indian

construction companies.

The methods adopted to conduct the research are MDA and Binary Logistic Regression as explained in
Section 3.1 and 3.2. Furthermore, the variables for each financial ratio selected for evaluating the solvency

ratios are specified in section 3.3

MULTIVARIATE DISCRIMINANT ANALYSIS (MDA)

Multivariate discriminant analysis is identical to multiple regression analysis. The only point of distinction

is that in the case of MDA, the dependent variable is qualitative, whereas in the case of multiple regressions,
this variable is quantitative. In multiple regressions, there is more than one independent variable. There

is also more than one independent variable in MDA. There is a single dependent variable in the multiple
regressions, whereas the dependent variable is categorical in the case of MIDA. In the present paper, the
dependent variables were the different categories of the solvency ratio of selected companies. These different
solvency indicators were categorized using two numerical values: one and zero (Refer to Figure 1). One
indicates that those companies with a sound financial position and overall health are very good; zero

reflects that companies having poor solvency ratios are weak companies. The different financial ratios, viz.,
profitability, liquidity, leverage, and activity, were used as predictors or explanatory variables of the insolvency

of Indian construction sector companies.
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'The discriminant equation in the present study is as follows:

Z = B0 + 1 (Profitability) + B2 (Liquidity) + B3 (Leverage) + B4 (Activity) +¢, 1

where Z is the latent categorical variable. Profitability, liquidity, leverage, and activity ratios are the
explanatory variables. B0 is the intercept or constant. 1, 32, B3, and 4 are the coeflicients to calculate the

discriminant score. € is the error term.

IDV-Profitability
Ratios

DV-Solvency:
1. Strong
0. Weak

IDV-Liquidity and
Leverage

IDV-Activity
Ratios

Figure 1. MDA variables.

Source: Authors’ Compilation

BINARY LOGISTIC REGRESSION (BLR)

Furthermore, binary logistic regression was used in the current study to authenticate MDA results. In the
case of binary logistic regression, the dependent variable was the two categories of companies: strong solvent
companies and weak solvent companies. These companies were categorized using binary numbers, where
one indicates strong solvent and zero weak solvent companies. The study used a forward logistic regression
(LR), and the forward LR is similar to stepwise multiple regression. It adds the significant independent
variables in each subsequent stage. Forward LR (Xie, et al., 2013) removes explanatory variables that are not

significant. The remaining independent variables are the significant independent variables used to calculate
the discriminant score. Like multiple regression, binary logistic regression also measures the cause-and-
effect relationship among independent and dependent variables by converting the explanatory variables

to probability scores, i.e., zero and one. In the logit model, the odds ratio is expressed as the probability

of a high impact to a low impact (i.e., no impact) or P(H)/1 - P(H). The model under logit regression is
expressed as a linear function of the company’s predictor variables.

=agtoa X+ +a,X;, W
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where P(H) is the probability of having a high impact on the ith construction companies: ¢ is an intercept;
X, - X are the latent variables; o, - ¢ are the coefficients of the nth latent variables. Liao (1994) opined
that Equation (1) could be changed into a description of the logistic regression model of event probability.

Calculating P(H) through Equation (1), the expected probability of having a high impact is described as
follows:

P(H)=— Eme e e,

|:1+e_z

«. »

In the above equation, the base of the natural logarithm is “e”.

The present logistic model uses different financial ratios associated with leverage, profitability, liquidity,
and turnovers as predictor variables. These ratios are assumed to split the companies into strong solvent and
weak solvent companies.

'The respective logit equation for business performance (operational performance, cost, and profitability)
is as follows:

1

P(H)=
where

Z=a+p (lwemge)il + 0, (prcy(iméilizj/)iz + [ (liquiah'ty)i3 + B4 (turnowr mz‘ios)i4 +¢&

Binary logistic regression has been used to predict different financial ratios affecting business solvency.
Values zero (for weak solvent companies) and one (for strong solvent companies) are assigned to dependent
variables: solvency. The average is calculated based on the measuring scale used for each dependent variable.

Accordingly, values zero and one are assigned as shown in Table 3 to measure the impact using logistic

regression.

DEPENDENT AND INDEPENDENT VARIABLES

This section highlights the variables selected as dependent and independent variables for financial ratios to

predict the solvency of Indian construction companies as stated in Table 1.

Analysis and interpretation

The current study used the MDA section 4.1 and the logistic technique (section 4.2) to evaluate the

solvency of Indian construction companies.

MULTIVARIATE DISCRIMINANT ANALYSIS

Table 2 shows the categorization of the strong and weak solvent positions of the companies. For a strong
position, value 1 was assigned a D'TA ratio of more than 0.60. Likewise, to evaluate the position based on

cash profits, the value 1 was assigned a ratio of more than 0.15.

Table 3 reports the results of Wilks’lambda value, F statistics, and corresponding p-value. Wilks’ lambda

was applied in multivariate analysis of variance to know whether a difference exists in group means of
indistinguishable groups’area under discussion with a blend of dependent variables. Later, the value of
Wilks’ lambda statistic was transformed into F distribution or Analysis of variance (ANOVA) value to know

the significant difference among the groups’ means. The p-value < significance level indicates the rejection of
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Definition of different independent and dependent variables.

Profitability Net profit ratio (NPR)
ratios Profit before tax ratio
(PBTR]
Profit after tax ratio
(PATR)
Cash profit ratio (CPR)
Return on assets (ROA)
Return on equity (ROE)
Return on sales or
operating profit ratio
(ROS)
Liquidity Current ratio
ratio
Activity Total asset turnover
ratios

Fixed asset turnover

Working capital asset
turnover

Current asset turnover

Net profit/Net sales
PBT/Net sales

PAT/Net sales

Profit after tax + Non-
cash expenses - Non-
cash incomes/Net sales

EBIT/Total assets

PAT - Preference
dividend (if any)/Equity
shareholders’ funds

Operating profit/Net
sales

Current assets/Current
liabilities

Net sales/Total assets
Net sales/Fixed assets

Net sales/Net working
capital

Jeon, Amekudzi and
Guensler (2010J;
Kiyosaki and Lechter
(2003): Penman (2007):
Vieria (2011);
Khalid and Rehman
(2014): Addae, Nyarkao-
Bassi and Hughes
2013];
Arvanitis, et al. (2012):
Bordeleau and Graham
(2010);
Mohanty and Mehrotra
(2018]): Dahiyat, Weshah
and Al-Dahiyat (2021)

Loncan and Calderia
(2014): Singh and
Pandey (2008): Panigrahi

(2014): Khalid and
Rahman (2014): Moorthi,

Ramesh and Bhanupriya

(2012); Silva (2019];
Eljelly (2004]): Carslaw
and Mills (1991);
Ben, Olubukunola
and Uwuigbe (2013)
and Ademola, et al.
(2020);Zainudin, et al.,
2017 Guimaraes and

Nossa (2010

Drobetz, et al. (2013);
Zhu, et al. (2019)

Net sales/Current assets

null and acceptance of alternate hypotheses. In the case of the first indicator of solvency debt to total assets
(DTA), the two variables, namely, current ratio (CR) and total asset turnover ratio (TATR), were statistically
significant at the 5% level. The current asset turnover ratio (CATR) was statistically significant at the 1%

level.
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Table 1. continued

Leverage Financial leverage
Solvency Debt to total liabilities
ratios (DTL)

Total shareholders’
funds to Total assets
(ETTA)

Long-term debt to Total
liabilities (DTA)

Cash flows after tax to
Total liabilities

Source: Authors’ compilation.

Table 2.

No. of
companies

Debt to total

assets (DTA)

Strong  <0.60 1 126
solvent
position

Very weak >0.60 0 22
solvent
position

Source: Authors’ compilation.

Cash flow to
total liabilities

1

>0.15

Debt to Equity ratio

Earnings before interest

and tax/Earning before
tax

Total debt to Sales

Debts/Total liabilities

Total shareholders’
funds/Total assets

Total long-term debts/
Total liabilities

Profit after tax + Non-
cash expenses - Non-
cash incomes/Total
liabilities

Categorization of companies as per solvency ratios.

No. of

(CFTL)

93

<0.15 0 56

companies

Bhat, Chanda and
Bhat (2023): Abey and
Velumurugan (2019); Yeo
(2016): Durand (2019):
Andrew and Schmidgall
(1993): Kajananthan
and Velnampy (2014);
Owolabi and Obida
(2012); Patti, et al. (2015)

Cook, et al. (2014]; Yeo
(2016); Hayes (2019):
Mohanty and Mehrotra
(2018); Silva (2019];
Xia (2023]; (Yeo, 2018)
Durand (2019).

References

Corporate Financial
Institute Report (2021);
Accounting Tools (2021);

Mills and Yamamura

(1998): Denise (2021)

The second measure of solvency cash flow to total liabilities (CETL) results was quite different from the

earlier measure. The variables, namely, ROA and TATR, were significant at 1%. The significant variables

indicate that there is a considerable difference in group means.

Table 4 shows the canonical correlation between discriminant functions and Wilks’lambda. Since there

were only two categorical variables of each measure of solvency in the present study, one discriminant

function was created for each measure. The first function of DTA’s (solvency indicator) corresponding
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Table 3. Tests of equality of group means.

Debt to total assets (DTA) Cash flow to total liabilities (CFTL)
Wilks' lambda Wilks’ lambda (Sig.)
ROE

0.999 0.136 0.713 0.995 0.660 0.418

ROA 1.000 0.003 0.955 0.825 31.056 0.000*
ROS 0.999 0.165 0.685 0.997 0.430 0.513
PATR 0.999 0.165 0.685 0.997 0.430 0.513
PBTR 0.999 0.151 0.698 0.997 0.379 0.539
CPR 0.999 0.166 0.684 0.997 0.424 0.516
CR 0.958 6.366 0.013** 0.999 0.092 0.762
FATR 0.993 1.025 0.313 0.991 1.363 0.245
TATR 0.968 4.761 0.0371** 0.893 17.559 0.000*
CATR 0.934 10.277 0.002* 0.986 2147 0.145
WCTR 1.000 0.024 0.878 0.986 2.120 0.148
DFL 1.000 0.015 0.902 0.998 0.336 0.563
TDTS 0.941 9.233 0.003* 0.991 1.344 0.248

Source: Authors’ calculations.
* Significant at 1% level.

** Significant at 5% level.

eigenvalue was 0.394,which corresponds to 100% of the explained variance. Canonical correlation analysis
(CCA) measures the degree of linear association among two sets of variables. It is the multivariate extension
of multiple correlation analysis (Tabachnick and Fidell, 1989) and ranges from 0 to 1. CCA analyzes the
linear relationship between latent variables that represent multiple variables in multivariate analysis. A latent

variable is a variable that is not directly observed (Statistics Solution, 2018).

For the discriminant function of DTA, the associated CCA value was 0.532. A higher value of CCA
is considered as good in multivariate analysis. The CCA value of 0.532 indicates a 53.2% degree of linear

relationship among the latent variables representing multiple variables.

The associated Wilks'lambda and chi-square values of the discriminant function of DTA were 0.717 and
47.848, respectively. The corresponding p-value was significant (<0.05); this shows that this function
significantly discriminates the two groups of the solvency of DTA.

Similarly, the discriminant function of the second measure of solvency (cash flow to total liabilities)
reflected an eigenvalue of 0.297 and a canonical correlation of 0.478. Compared to the former measure of
solvency (DTA), the eigenvalue and CCA were low in the case of CFTL.

In the second measure of solvency (CFTL), the discriminant function’s associated values of Wilks’
lambda and chi-square were 0.771 and 37.694, respectively. Since the significance value of the discriminant
function was <0.05, this function also significantly gives to the group differences.

Table 5 exhibits the coefficients of the discriminant function of DTA and CFTL. Coefficients of
discriminant functions were used to calculate a discriminant or Z score. The calculated discriminant score
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: FT’ : ESS Table 4. Summary of discriminant functions for both dependent variables (DTA and CFTL).
T e st 00 | G ot vt 7T
Functions 1 1
Eigenvalue 0.394 0.297
% of variance 100 100
Cumulative % 100 100
Canonical correlation 0.532 0.478
Wilks’ lambda 0.717 0.771
Chi-square 47.848 37.694
Degrees of freedom 4 4
Sig. 0.000 0.000

Source: Own calculation using SPSS.

or Z score was similar to what we calculated in the case of multiple regression analysis using the value of
coefficients of explanatory variables.

In the present study, stepwise multivariate discriminant analysis was used. The variables mentioned in
Table 5 of both the solvency measures (DTA and CFTL) are significant, and these variables are used for
discriminant scores. For both the measures of solvency, the discriminant score can be calculated in the

following manner:

DTA Discriminant Score = -0.457 + 0.146 (CR) - 1.781 (TATR) + 0.852 (CATR) + 0.011 (TDTYS)
CFTL Discriminant Score = -0.602 + 10.762 (ROA) + 1.298 (TATR)

We can see that the CATR in the discriminant function of DTA is significantly larger than the
coefficients for the other three variables. Thus, this variable has a substantial impact on the function’s
discriminant score. The TATR had the highest negative coefficient value in the discriminant function

Table 5. Canonical discriminant function coefficients.

Debt to total assets (DTA) Cash flow to total liabilities (CFTL)

ROA 10.762
CR 0.146

TATR -1.781 1.298
CATR 0.852
TDTS 0.011

(Constant) -0.457 -0.602

Source: Own calculations using SPSS.

287 Construction Economics and Building, Vol. 25, No. 2 July 2025



152

UTs
ePRESS

288

Sharma and Bhalla

of DTA. This case of the second measure of solvency was CFTL ROA, which had the highest positive
coeflicient value as compared to a second significant variable (TATR). Thus, this variable had a high impact

on the function’s discriminant score of CFTL.

Table 6 shows that the results obtained from the discriminant analysis are approximately similar to the
extraction of function and several additional plots. The structure matrix (Table 6) displays the within-group

association of each independent variable with the canonical discriminant function.

In the first measure of insolvency DTA, the CATR (0.423) and total debt to total sales (TDTS) (0.401)
had the highest positive correlation with the discriminant function as compared to the other two significant
variables (CR and TATR). The remaining variables were not used in the analysis, and these were not found

significant to calculate a discriminant score.

In the second measure of solvency (CFTL), the ROA (0.846) had a strong positive association with
discriminant function as compared to TATR (0.636). The remaining 11 variables were not used in the
analysis, as these were not found significant to calculate the discriminant score of CFTL.

Table 6. Structure matrix.

Debt to total assets (DTA) Cash flow to total liabilities (CFTL)

CATR 0.423* ROA 0.846
TDTS 0.401* TATR 0.636

CR 0.333 CATR® 0.306
TATR -0.288 FATR® 0.099
FATR® 0.052 WCTRe® 0.048
ROA® -0.039 ROE? -0.042
DFL -0.037 CRe -0.041
WCTR® 0.028 PBTR® -0.008
ROE® 0.024 CPR® -0.006
PBTR® 0.020 ROS® -0.005
CPR® 0.017 PATR® -0.005
PATR® 0.015 TDTS® 0.002
ROS? 0.015 DFLa 0.001

Source: Authors’ calculations using SPSS.
2 These variables were not used in the analysis.

* Significant at 1% level.

Table 7 shows the group centroids for combined groups for discriminant analysis. The term centroids

was used for mean in the case of multivariate analysis. Functions at group centroids were the means of the

discriminant function scores by the group for each function calculated.
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If we calculate the discriminant function scores for every group, they appear to be at the means of the
scores by group. The companies in the first group (weak solvent position) in the case of DTA had a mean of
1.492.'The companies in the second group (strong solvent position) had a mean of -0.261.

Table 7. Functions at group centroids.

Debt to total assets (DTA] Cash flow to total liabilities (CFTL)
0

1.492 -0.296
1 -0.261 0.991

Source: Authors’ calculations using SPSS.

Table 8 reports the function coeflicients of the two categories of companies based on their solvency

position. In the present study, discriminant analysis involves two companies and 13 explanatory variables
associated with different financial ratios. Through Fisher’s linear function, we not only wanted to determine
if the categories differ significantly on the 13 continuous variables, but we were also interested in predicting
variety classification for an unknown variable. We used stepwise multivariate discriminant analysis (MDA)

in the current study.

Table 8. Fisher’s linear discriminant functions.

Debt to total assets (DTA) Cash flow to total liabilities (CFTL)

T I T N

ROA -3.948 9.897
CR 0.492 0.236 --- -

TATR -0.908 2.213 2.079 3.749
CATR 1.795 0.302 --- e
TDTS 0.024 0.004 oo o

(Constant) -3.415 =153 -1.072 -2.294

Source: Own calculations using SPSS.

Function coeflicients reported in Table 8 are only the coeflicients of significant variables.

Weak Solvent Position (DTA) = Intercept + bl (CR) + b2 (TATR) + b3 (CATR) + b4 (TDTS)

Weak Solvent Position (DTA) = -3.415 + 0.492 (CR) - 0.908 (TATR) + 1.795 (CATR) + 0.024
(TDTS)

High Solvent Position (DTA) = Intercept + bl (CR) + b2 (TATR) + b3 (CATR) + b4 (TDTY)

High Solvent Position (DTA) = -1.535 + 0.236 (CR) + 2.213 (TATR) + 0.302 (CATR) + 0.004 (TDTYS)
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In the present study, bl to b4 were the regression coeflicients of associated explanatory variables. The
interpretation of a two-group problem results is straightforward and closely follows the logic of multiple

regressions.

Weak Solvent Position (CFTL) = Intercept + bl (ROA) + b2 (TATR)

Weak Solvent Position (CFTL) = -1.072 - 3.948 (ROA) + 2.079 (TATR)

High Solvent Position (CFTL) = Intercept + bl (ROA) + b2 (TATR)

High Solvent Position (CFTL) = -2.294 + 9.897 (ROA) + 3.749 (TATR)

According to DTA, for companies with a strong solvent position (Group 1), the variable TATR has the
highest positive value of regression coeflicient followed by CATR. The weak solvent companies’ regression

coefficients of CATR and CR show high positive values. The TATR shows a high negative coefficient value.

According to the debt to total assets (CF'TL) criterion, the companies with a strong solvent position
have higher value regression coeflicients, namely, ROA. The companies with weak solvent positions have
highly positive and negative values of regression coefficients: TATR and ROA.

"The variables with the largest (standardized) positive regression coeflicients are the ones that contribute
most to the prediction of a group membership. Similarly, negative values of regression coeflicients show

negative involvement in predicting group membership.

ANALYSIS AND INTERPRETATION OF BINARY LOGISTIC REGRESSION

The study employed the forward LR model, also known as stepwise binary logistic regression. In the case

of forward LR, in each subsequent step, a new significant variable is added. In the current study, three steps
were carried out, and three variables were used in the third step. At the initial stage of this section, the
model’s goodness of fit was analyzed and interpreted using Hosmer-Lemeshow and Omnibus tests. Later,
analysis and interpretation of the Wald test were carried out to explain the significant variables to be used in
the model.

Omnibus test

The Omnibus test (Table 9) was applied to check whether the stepwise binary logistic (forward LR) is a
good fit or not. This test is commonly known as the test of goodness of fit. Does it mean how well the model
can predict the results and risks of the company (Pallant, 2009)? In the first measure of solvency (DTA),

the associated chi-square distribution test value at step 3 was 29.639, and the significance value or p-value <
0.05. It specifies the general fitness of the model for the first measure of solvency (DTA). Similarly, for the
second measure of solvency (CFTL), the associated chi-square distribution test value was higher at 147.865
(at step 3) at 3 degrees of freedom. The significance value or p-value < 0.05 points out that the model was

well-fitted and accurate in predicting the solvency of Indian construction companies (Table 9).

Hosmer-Lemeshow (HL) test use

The HL test (Table 10) was also applied to check the goodness-of-fit model in binary logistic regression.

This test reports how accurate the LR model is to predict the outcomes. In other words, we can say how
close the expected and actual frequencies are by using the LR model. This test is more reliable in checking
the predictability capability of the LR model.
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Table 9. Omnibus test of model coefficients.

Debt to total assets (DTA)

I = I BTN

Step 3 Step 5.613 0.018**
Block 29.639 3 0.000*
Model 29.639 3 0.000*

Cash flow to total liabilities (CFTL)

I I I BTN

Step 3 Step 3.032 0.082***
Block 147.865 3 0.000*
Model 147.865 3 0.000*

Source: Authors’ calculations using SPSS.
* Significant at 1% level.
** Significant at 5% level.

*** Significant at 10% level.

Furthermore, this test compares the actual and expected values and investigates whether there is
statistical significance between both values. The acceptance of the null hypothesis of this test shows
that there is no significant difference between actual and predicted values, and the model is well fitted.
'The alternate hypothesis indicates that statistically, a significant difference exists between the actual and
predicted values, and the LR model is poorly fitted (Zenzerovi¢ and Perusko, 2006).

Table 10. Hosmer-Lemeshow test.

Debt to total assets (DTA)

1 5.475 0.706
2 10.887 8 0.208
3 14.262 8 0.075

Cash flow to total liabilities (CFTL)

I I TN

1 8.966 0.345
2 14.134 8 0.078***
3 24.251 8 0.002*

Source: Authors’ calculations using SPSS.
* Significant at 1% level.

*** Significant at 10% level.
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ePRESS In the present study, the goodness of fit of the LR model was further checked by using the HL test.
The findings of this test indicate how accurately the current LR model can predict Indian construction
companies. The outputs of this test are reported in Table 10.The first measure of solvency (DTA), step 3 of

forward LR, reflects that the chi-square (3?) value was 14.262 at 8 degrees of freedom and the significance
value >0.05. It means that the null hypothesis is accepted, and the present LR model is well fitted. The
findings of the Hosmer—Lemeshow test for the second measure of solvency (CFTL) indicate that at step

3 of forward LR, the associated chi-square value was 24.251. The associated significance value was less than
0.05 (p-value < 0.05), which means that the second solvency model finds a significant difference between
actual and expected values (Table 10).

Wald test

The Wald test is used in logistic regression to check the statistical significance of different predictor
variables and the statistical significance regression ratio (Suzi¢, 2007). The null hypothesis of this test reflects

that different predictor variables do not significantly contribute to the prediction of dependent variables;
the alternate hypothesis demonstrates that predictor variables significantly contribute to the dependent
variable’s prediction. In the present study, the outputs of the Wald test indicated whether different financial
ratios significantly contributed to the prediction of the solvency of the Indian construction industry or

not. The associated significance value or p-value < 0.05 of different predictor variables specified that these
variables significantly contributed to the dependent variable’s forecast. The coefficient of these variables
helped to predict the dependent variable. The current study used forward LR or stepwise binary logistic

regression.

Table 11 reports the statistically significant predictor variables at step 3 for both the measures of solvency
(DTA and CFTL). In the first measure of solvency (DTA), the three variables (CR, CATR, and TATR)

were significant. These three variables were statistically significant to distinguish the Indian construction

Table 11.  Solvency prediction models of Indian construction companies at step 3 using forward
logistic regression.

Step 3 Model using debt to total assets (DTA) as the dependent variable
I N B T B N
-0.140 0.064 4.856 0.028** 0.869
TATR 3.277 1.198 7.483 1 0.006* 26.492
CATR -1.062 0.291 13.320 1 0.000* 0.346
Constant 2.058 0.487 17.832 1 0.000* 7.832
Step 3 Model using cash flow to total liabilities (CFTL) as the dependent variable
I N S T A A T
211.965 51.116 17.195 0.000* 1.135E
FATR -0.061 .029 4.414 1 0.036** 0.941
TATR 3.739 1.474 6.434 1 0.017** 42.045
Constant -1.235 .581 4.513 1 0.034** 0.291

Source: Authors’ calculations using SPSS.
* Significant at 1% level.

** Significant at 5% level.
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companies into strong solvent and weak solvent companies. TATR and CATR were significant at the 1%
significance level, and CR was significant at the 5% significance level. Therefore, these three models were

included to predict the solvency of the Indian construction industry (Zenzerovié, 2011).

Similarly, in the case of the second measure of solvency (CFTL), three variables were statistically
significant. These variables were return on assets (ROA), fixed asset turnover ratio (FATR), and total asset
turnover ratio (TATR). ROA was statistically significant at the 1% level. The remaining two variables were
significant at the 5% level.

Pseudo-R-square

In the case of multiple regressions, the R-square tells the variance of the dependent variable as correctly
explained by different significant predictor variables. The dependent variance as correctly explained by

different predictor variables is checked using the pseudo-R-square in the logistic regression. The value of the

pseudo-R-square ranges from 0 to 1 (Braun, Muller and Schmeiser, 2013). The pseudo-R-square value near
1 indicates that different significant variables explain the higher variance. The exact 1 value of the pseudo-
R-square reflects that the different predictor variables correctly elucidate 100% variance. In the logistic
regression model (LR), the two standard measures of the pseudo-R-square are the Cox and Snell R? test
and Nagelkerke R Table 12 reports the pseudo-R-square of the present LR models. In the first measure
of solvency (DTA), the Cox and Snell R-square and Nagelkerke R-square values were 0.181 and 0.319
(Table 12).

It means that the three significant variables (CR, CATR, and TATR) explained 18.1% and 31.9% of the
dependent variable (solvency) variance. In the case of the second measure of solvency (CETL), the values
of Cox and Snell R-square and Nagelkerke R-square were quite higher (0.624 and 0.852). It means that
three significant variables (ROA, FATR, and TATR) explained 62.4% and 85.2% of the variance. A higher

variance explained by the LR model was considered good. According to pseudo-R-square criteria, the
second model of solvency (CF'TL) was superior to the first model (DTA) (Table 12).

Table 12. Summary statistics of the models DTA and CFTL.

Debt to total assets (DTA)

Step -2 Log likelihood Cox and Snell R-square Nagelkerke R-square

1 117.280 0.047 0.083
2 100.400 0.150 0.264
3 94.787 0.181 0.319

Cash flow to total liabilities (CFTL)

Step -2 Log likelihood Cox and Snell R-square Nagelkerke R-square

1 60.794 0.600 0.819
2 54.309 0.617 0.842
3 51.278 0.624 0.852

Source: Authors’ calculations using SPSS.

Table 13 reports the classification table of the findings of a fitted LR model. It reveals how the LR
model is a good interpreter of the solvency of the Indian construction industry. Table 13 demonstrates how

accurately the LR model developed in the third step and predicted each case category.
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ePRESS The first measure of solvency (DTA) correctly classified 36.4% of weak solvent companies and 97.6% of

solid solvent companies.

The number of accurately classified (expected) weak solvent Indian construction companies or
“unhealthy” companies was 8. The number of inaccurately classified weak solvent Indian construction
companies was 14. The number of inaccurately classified strong solvent companies was three, and the
number of correctly classified strong solvent companies was 123. The overall percentage of correctly

classified companies using DTA as a solvency measure was 88.5%.

Opverall percentage of correctly classified companies (DTA) = 8 + 123/148 * 100 = 88.5%

Table 13. Classification table of DTA and CFTL.

Solvency: Debt to total assets (DTA)
Debt to total assets Total Percentage
solvent solvent

Step3  Solvency: Weak 22 36.4
Debt to solvent

total assets  JE—_—GG 3 123 126 97.6
solvent

Overall percentage 88.5

Cash flow to total liabilities

Cash flow to total Percentage
llabllltles correct
WEE]S Strong
solvent solvent

Cash flow Weak 515 89.3
to total solvent

Habilities Strong 3 90 93 96.8
solvent

Overall percentage 93.9

Source: Own calculations using SPSS.

The LR model developed to predict solvency using the second measure (CFTL) correctly classified
89.3% weak solvent and 96.8% strong solvent Indian construction companies. The number of accurately
classified (forecasted) weak solvent Indian construction companies or “unhealthy” companies was 49, and
the number incorrectly classified was 6. Similarly, the incorrectly classified strong solvent position Indian

construction companies were three, and the correctly classified companies were 90.

'The overall percentage of correctly classified companies using CE'TL as a solvency measure was 93.9%.

Overall percentage of correctly classified companies (CFTL) = 49 + 90/148 * 100 = 93.9%
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Table 14 elaborates on the acceptance and rejection of hypotheses

Table 14.  Acceptance and rejection of hypotheses.

H1: The different measures of profitability can distinguish between strong Partially Accepted
solvent and weak solvent Indian construction companies.

H2: Liquidity of selected companies can discriminate them into very healthy Rejected
and unhealthy Indian construction companies.

H3: The different measures of activity ratios can distinguish between strong Accepted
solvent and weak solvent Indian construction companies.

H4: Leverage ratios of selected companies can separate them into very Rejected
healthy and unhealthy Indian construction companies.

Source: Authors’ compilation.

Conclusion and discussion

The present work investigated the critical factors affecting the solvency of the Indian construction sector.
The secondary data of the necessary financial ratios were procured from the Prowesslq, CMIE database.
'These ratios were related to the liquidity, profitability, leverage, and activity or managerial efficiency of
Indian construction companies. Later, these ratios were classified as predictors or explanatory variables for
predicting the solvency of Indian construction companies. The two different solvency parameters were used
in the present study. These parameters were DTA and cash flow to total liabilities.

'The construction companies were categorized based on these two solvency ratios. These parameters
indicate the crucial financial aspects that affect the health of Indian construction companies. The companies
with a DTA ratio of more than 0.60 were treated as weak solvent companies and less than 0.60 as strong
solvent companies. According to the second measure of solvency (CF'TL), companies with a ratio greater
than 0.15 were treated as strong solvent companies and less than 0.15 as weak solvent companies. These
two solvency indicators categorize Indian construction companies using two numerical values, zero and one.
One indicates financially sound companies, and zero indicates weak companies with poor solvency ratios.
These have been proven instrumental in assessing the financial state of the companies (Mills and Yamamura
1998; Denise, 2021). The study employed stepwise MDA and forward LR to predict the factors responsible

for the solvency position of the Indian construction industry. These two statistical techniques were used

to examine whether strong solvent and weak solvent Indian construction companies can be distinguished
based on different financial ratios used as predictor variables. The empirical findings of MDA and logistic
regression show significant discrimination in the solvency position of construction companies according
to their different financial performance indicators, specifically, liquidity ratios, profitability ratios, leverage
ratios, and activity ratios. The same results are shown in Dahiyat, Weshah and Al-dahiyat (2021) and
Sharma, Bhalla and Goyal (2022). The study by Bhat, Chanda and Bhat (2023) used all the stated factors

except for the size of the firms that showed insignificant results related to the firm’s solvency position.

In the case of the MDA, if there were G groups, then G-1 discriminant functions were created. There
were two categories or groups of companies in the current study, so only one discriminant function was
created using both solvency measures (DTA and CFTL). The discriminant functions were significant at
the 1% level in both the solvency measures. Since we used stepwise MDA, only four financial ratios related
to liquidity (CR), leverage (TDTS), and activity (CATR and TATR) were found to be significant in the

case of the first measure of solvency (DTA). The coeflicients of these ratios are recommended to calculate
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the canonical discriminant function score. In another way, we can say that these ratios can discriminate the

Indian construction companies into strong solvent and weak solvent categories.

The findings of MDA indicate that in the case of the second parameter of solvency (CFTL), profitability
(ROA) and management efficiency (TATR) significantly discriminate between strong solvent and weak

solvent Indian construction companies.

The empirical findings of logistic regression show that in the case of the first parameter of solvency (DTA),
liquidity (CR) and management efficiency (CATR and TATR) significantly discriminate the solvency of two
sets of companies. The results of the second measure of solvency (CFTL) indicate that profitability (ROA) and
management efficiency (FATR and TATR) can separate Indian construction companies into strong solvent
and weak solvent categories. The other associated statistical tests of binary logistic regression (Omnibus and
Hosmer-Lemeshow) demonstrated that the model developed for both solvency measures is a good-fit model.
The classification table of DTA and CFTL reflects that in both solvency measures, the overall percentage of
correctly classified companies was 88.5% and 93.9%, respectively. Overall, the findings of MDA and logistic
regression were consistent with each other. The different ratios expressing liquidity, profitability, and leverage
were found significant in predicting the insolvency of companies (Altman, 1968). In our study, all these ratios

were also significant, along with turnover ratios to distinguish Indian construction companies into strong
solvent and weak solvent categories.

Furthermore, the study conducted by Xia, et al. (2023) used financial ratios as explanatory variables. It
inferred the strong relationship between the total asset turnover ratio and working capital ratio with the
solvency position of companies. In contrast, Liang, et al. (2016) pointed out that leverage and profitability
are the most significant ratios to predict the company’s solvency. Mironiuc and Taran (2015) used financial

and non-financial information to detect insolvency risk. They found that ROA and other ratios were
significant in predicting the insolvency of companies. In their study, Hamid and Rohani (2018) found
that liquidity, profitability, and leverage are significant ratios to predict Pakistan-listed companies’ financial
distress. There are plenty of studies that documented the importance of profitability in predicting the
insolvency of companies and suggested that the company with higher profitability faces lower chances of
bankruptcy in the near future (Beaver, 1966; Ohlson, 1980; Hill, Perry and Andes, 1996; Xu, et al. 2014;
Altman, et al., 2017).

In contrast, a large pool of studies opined that liquidity plays a significant role in predicting companies’

financial health. Companies with high liquidity ratios face less possibility of insolvency (Campbell, Hilscher,
and Szilagyi, 2008; Ijaz, et al., 2013; Manab, Theng, and Md-Rus, 2015; Chiaramonte and Casu, 2017).

Some studies predicted a significant positive impact of leverage to predict the solvency of companies

(Altman, 1968; Shumway, 2001; Bandyopadhyay, 2006; Xu, et al., 2014).

The two different solvency parameters were used in the present study. These parameters were DTA and
cash flow after tax to total liabilities (CFTL). The companies with a DTA ratio of more than 0.60 were
treated as weak solvent companies and less than 0.60 as strong solvent companies. According to the second
measure of solvency (CFTL), companies with a greater than 0.15 value were treated as solid solvent
companies and less than 0.15 value as weak solvent companies. These two solvency indicators categorize
Indian construction companies using two numerical values, zero and one. One indicates financially
sound companies, and zero indicates weak companies with poor solvency ratios. These have been proven
instrumental in assessing the financial state of the companies (Corporate Financial Institute Report, 2021;

Accounting Tools, 2020.

Implications of the study

'The variables discovered in this study are strongly recommended while predicting the Indian construction

companies’ solvency. The study will be helpful to policymakers and different stakeholders. Society will

Construction Economics and Building, Vol. 25, No. 2 July 2025



C

UTs
ePRESS

297

Sharma and Bhalla

benefit by knowing the critical factors responsible for companies likely to become insolvent. Accordingly,
the policymakers may issue financial assistance, subsidies, and advice to concerned companies. Moreover,
different stakeholders or societies will benefit from knowing the study’s outcomes and formulating a future
strategy to deal with these companies. The outcomes of the study will be helpful to concerned authorities to
take necessary actions to revive the companies that are likely to fail in the upcoming period. Policymakers
will also benefit from knowing the critical factors responsible for companies that are likely to become
bankrupt. Accordingly, the policymakers may issue financial assistance, subsidies, and advice to concerned
companies. Moreover, different stakeholders or societies will benefit from knowing the outcomes of the

study and formulating a future strategy to deal with these companies.
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